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Abstract: Artificial Intelligence has become the emphasis on the needs of future society. The
digital era of education demands critical thinking skills, digital literacy and fundamental
abilities to navigate and verify information. This development can be supported by the ability
of Al chatbots to provide large volume of information in an interactive and efficient way.
The goal of this paper is to examine the interest of the chosen BSCS and BSIT students in
Metro Manila in utilizing three generative Al tools: Copilot, ChatGPT, and Gemini in the
accomplishment of their academic requirements. A one-shot case study was carried out by
the authors on six (6) selected universities in Metro Manila. A voluntary response sampling
approach was employed to gather the participants in this study. The Slovin's formula was
used to calculate statistically enough samples from the population. This study involved 209
CS and IT students, 157 or 75.12% of whom were males and 52 or 24.88% of whom were
females, 45 or 21.53% were BSCS students and 164 or 78.47% were BSIT students. The data
was initially recorded in a comma-separated value file. The extended TAM instrument was
facilitated online using Google Forms by the participants which then imported into SPSS
for data understanding and statistical treatment. It was found that out of eighteen (18)
observed inter-item relationships, only six (6) or 33.33% were statistically significant and
had considerable impacts. Moreover, SN — AT has the highest coefficient value of 0.788
followed by the factor PU — AT of 0.732 indicating their influence on generative Al tools
attitude of use (AT). Lastly, PE — AT was shown having the lowest among relationships
with 0.533 coefficient value. The study concluded that computer tertiary students in Metro
Manila were generally amenable to the idea of introducing generative Al techniques into
their academic responsibilities.
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1. INTRODUCTION

Artificial intelligence (Al) has paved way in the ever-increasing digitization of our society [1].
Al nowadays can generate messages almost identical from text prepared by humans [2].
Automation technologies can perform specific tasks in place of humans. Nevertheless, they
may either supersede humans of these specific jobs or complement them to soar their
productivity [3][4][5]. A system known as "generative Al" is capable of producing text, images,
audio, and synthetic data, among other kinds of material. Generative Al models combine
numerous Al algorithms to represent and process the expected content [6]. ChatGPT is
characterized by its sophisticated capability to accomplish complex tasks [7]. The said Al tool
can generate text, converse with its user, write code, and do so much more [8]. Microsoft has
decided to utilize its efforts in its own Bing search engine, which now includes generative Al,
known as Copilot. It can generate phrases for conversation, write essays, create letters,
summarize information, write source code, and respond to difficult questions. [9]. Gemini,
originally known as Bard, is the outcome of extensive collaboration work by teams across
Google. It can understand and incorporate many sorts of information, such as text, code, voice,
image, and video [10].

Concerns about academic integrity, originality, and the educational value of assignments are
frequently the driving forces behind Al technologies. Students are reportedly being
investigated for embracing artificial intelligence (Al) in their academic assignments, according
to a January 2023 GMA Integrated News article. However, Dr. Jalao also says that while Al
use in schools is not inappropriate, it should be avoided when done improperly [11].

Many experts have raised their worries about the likely negative influence of using ChatGPT
on undergraduates. According to [12][13][14], there is a possibility that it could hinder students'
learning and success. Additionally, [15] suggests that it may also compromise academic
integrity. The lack of academic integrity, as noted by [16], could in turn damage the credibility
of higher education institutions [17] and reduce student motivation [18].

The paper of [19] investigated the acceptance of selected Senior high school (SHS) teachers on
generative Al tools for their work. Their study revealed that the respondents positively agreed
to abreast the technology to improve their productivity in the workplace.

The authors of this paper used the instrument and hypotheses from the study of Arguson et al.
[19] and Park [21] to investigate acceptability of tertiary students on the generative Al tools in
their academic requirements.

This paper was written with this research gap in mind. The paper specifically intended to

respond to the following questions:

1. Collegiate students’ behavioral intention to use generative Al tools is affected by their
attitude, perceived usefulness, perceived ease of use, self-efficacy, subjective norm, and
system accessibility.

2. Tertiary students’ generative Al tool attitude is affected by their perceived usefulness,
perceived ease of use, self-efficacy, subjective norm, and system accessibility.

3. College students’ perceived usefulness of generative Al tools is affected by their perceived
ease of use, self-efficacy, subjective norm, and system accessibility.
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4. Tertiary students’ perceived ease of use of generative Al tools is affected by their self-
efficacy, subjective norm, and system accessibility.

In this paper, the authors examined the acceptability of Generative Al tools in meeting the

academic requirements of computer science and information technology students in Metro

Manila, Philippines and understand their perceptions for supporting them.

Cognitive
domain
Affective
domain
Y 2 3
Individual ! ¥ !
X1 e factor F ry A Y7 Yg Yo
; _ [ A B
celf efficacy : \ [ f
Xz |
",
) 4/ percieved ~— :
. Social usefulness —%,  atfilude
X3 e factor r N : »
B |subjective norm | g = Behavior
Yo |le— 4 — - ) ‘ ’ _ domain
y percieved ease & intention to use
Organizational - Sl "
X5 e factor T ST S—
7 system — ' ’ / l )
Xa |« ——._ accessibility E - r i :
: Y4 Vs Ve Y10 Y11 Y12

Fig.1 Research Framework

Based on previous research, this study followed and used the theoretical model of [21] and
[22]. In the past, the said framework was used on electronic learning application for
complementing teaching strategies. Fig. 1 represents a model to be tested and investigated on
the acceptability of IT’S for C/C++ programming. It also presents a noteworthy model to
investigate and assess regarding the suitability of IT’S for C/C++ development among the
computing tertiary students. The proposed causal linkages between the constructs are specified
by the arrows associated with them in their direction. Indicators and constructs are connected
by arrows, which represent measurement validity. In the framework, observable endogenous
indicators are represented by y and observed exogenous indicators by x.

2. RELATED WORKS
Recently, authors had investigated the acceptability of generative Al tools of Senior

Highschool teachers in the workplace. They found out that all variables in their hypothesis had
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high influence in accepting Al tools as they believed it greatly improved their productivity [19].
On another study, authors investigated the existing research on the influence of ChatGPT and
Al tools on academic performance, with an emphasis on both the potential benefits and
challenges of these Al tools. They concluded that Al tools can be useful on diverse needs of
the students by taking advantage of its automated feedback feature as it can do in other
disciplines [23]. The paper of [22] examined the acceptance of technology and behavioral
intention on the use of learning management systems (LMS). Their result suggested that e-
learning developers and stakeholders should focus on social norm, system access, and self-
efficacy to increase acceptance and effectiveness of learning management systems.

3. METHODOLOGY

A. Research Design

This research uses a one-shot case study to quantitatively analyze the acceptance of generative
Al use among BSCS and BSIT students. The authors made use of Google Forms, a quantitative
data collection tool, to gather information from various schools and extract valuable insights.
Additionally, the researchers employed descriptive statistics to summarize the data, leading to
a more thorough comprehension of the information.

B. Participants and Sampling

The aim of this study is to evaluate the acceptance of Generative Al applications among BSCS
and BSIT students in Metro Manila. A voluntary response sample approach was used, and a
total of 208 students (54 males and 71 females) from private and public universities in Metro
Manila participated. The study required the use of Slovin's Formula to determine the sample
size, resulting in a sample size of 95.24 based on the survey results, with a population size of
200 and a margin of error of 0.50.

C. Research Instrument

The authors constructed the instrument based on the paper of [19], [21], and [22]. Cronbach's
Alpha (o) was used to assess the reliability of the expanded TAM instrument among 209
computing students from 6 Metro Manila schools. The adopted instrument comprised six (6)
constructions. The instrument consists primarily of closed-ended multiple-choice questions,
and its goal is to determine the adoption of a generative Al tool in meeting school requirements.
The first section confronted the pupils for demographic information. The instrument's second
component consisted of 18 arranged questions based on the major variables of an extended
TAM, including relevant platform factors. Responses were formatted on a Likert scale.

D. Ethical Considerations

The authors pitched support from the department heads of the chosen Metro Manila tertiary
institutions in order to initially evaluate the research instrument and provide a letter of consent
to carry out the study. Deans and school heads assisted in administering this as well to ensure
that the questionnaire was properly handed out and that participants received an orientation
prior to embarking on the research process.
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E. Data Gathering Procedure

The study was voluntary, and participants completed their responses online by answering on
Google Forms that the authors had created. While introducing the participants to the
questionnaire, the authors verbally inform their students about the purpose of the study in order
to secure their cooperation. The completion of the assessment took about ten to twelve minutes.

F. Statistical Treatment

The authors examined the data from the questionnaire. The data was first entered into a
spreadsheet software and then transferred to SPSS for statistical analysis and visualization. The
authors used IBM SPSS to generate and show the sample mean, standard deviation, frequency,
percentage, and their correlation coefficients on other variables. Finally, grouped the items to
each other following the hypotheses format in compliance to structural equation modeling
(SEM).

4. RESULTS AND DISCUSSION

Table 1: Demographic Profile of the Sample

Age Number (N) Percentage (%)
Under 17 0 0
18 8 3.83
19 60 28.71
20 and above 141 67.46
Gender Number (N) Percentage (%)
Male 157 75.12
Female 52 24.88
Program Number (N) Percentage (%)
Computer Science 45 21.53
Information Technology 164 78.47
Participating Schools Number (N) Percentage (%)
University 1 1 0.48
University 2 1 0.48
University 3 58 27.75
University 4 1 0.48
University 5 1 0.48
University 6 1 0.48
University 7 146 69.86

Table 1 reveals that out of the 209 students surveyed, the majority (67.46%) were aged 20 and
above. The data also indicates that the majority of participants (75.12%) were male, while
24.88% were female. It's worth noting that 21.53% of the respondents were BS Computer
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Science students, with the remaining 78.47% being BSIT students. Lastly, University 7 had the
highest number of volunteers (146), making up 69.86% of the total.

Table 2: Computer and Internet-related skills.

Do you have computer access at home? Number (N) Percentage (%)
Yes 150 71.77
No 59 28.22
Do you have Internet access at home? Number (N) Percentage (%)
Yes 190 90.90
No 19 9.09
Computer Skills Number (N) Percentage (%)
Not skilled 5 2.39
Beginner 57 27.27
Intermediate 109 52.15
Advanced 34 16.26
Expert 4 191
Internet Skills Number (N) Percentage (%)
Not skilled 1 0.48
Beginner 29 13.88
Intermediate 113 54.07
Advanced 48 22.97
Expert 18 8.61
Awareness on Generative Al Tools? Number (N) Percentage (%)
Yes 206 98.56
No 3 1.44
How often dc_) you use Generative Al tool Number (N) Percentage (%)
in your school?
Never 9 4.30
Occasionally 123 58.85
Frequently 65 31.10
Always 12 5.74
Chat GPT Number (N) Percentage (%)
Never heard of it 1 0.48
I heard it but I don’t know how to use it 11 5.26
| know how to use it 151 72.25
I am very knowledgeable about it 46 22.00
Copilot Number (N) Percentage (%)
Never heard of it 125 59.81
I heard it but I don’t know how to use it 57 27.27
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| know how to use it 22 10.52
| am very knowledgeable about it 5 2.39
Gemini Number (N) Percentage (%)
Never heard of it 95 45.45
I heard it but I don’t know how to use it 57 27.27
| know how to use it 45 21.53
| am very knowledgeable about it 12 5.74

In Table 2, the respondents' computer and internet-related skills are described. According to
the data, 150 respondents, or 71.77%, have access to computers at home. Surprisingly, 190
respondents, or 90.90%, were able to access the internet. It is interesting to note that 109
respondents, or 52.15%, were intermediate users in terms of computer skills regardless of the
program they had taken. Similarly, in terms of internet skills, 113 respondents, or 54.07%, were
intermediate users.

The survey revealed that 206 out of 210 participants, or 98.56%, were aware of Generative Al
tools such as Chat GPT, CoPilot, and Gemini. Additionally, 123 participants, or 58.85%,
admitted to occasionally using Generative Al tools at school. Finally, Chat GPT was found to
be the most widely used Generative Al tool among the three in terms of technical expertise.
The internal reliability of the instrument was measured using Cronbach alpha of 0.952 among
209 CS and IT students. A factor loading was obtained for each item using IBM SPSS
application.

Table 3: Factor loading and Cronbach Alpha results.
ltem Mean | SD Fact_or Cronbach ltem Mean | SD Fact_or Cronbach
(D) (6) | Loading| Alpha (W | (o) | Loading| Alpha
El | 3.86 [ 0.926| 0.735 0.950 Al | 325 |1.02| 0.700 0.949
E2 | 3.77 [ 0949 | 0.786 0.949 A2 | 322 |.997| 0.785 0.949
E3 | 353 | 0.977| 0.488 0.951 A3 | 371 |1.05| 0.643 0.948
Ul | 336 | 1.08 | 0.610 0.949 SE1 | 3.16 |.968 | 0.582 0.951
U2 | 336 | 1.09 | 0.523 0.951 SE2 | 343 |.898| 0.652 0.948
U3 | 3.63 |0.949 | 0.569 0.949 SN1 | 3.27 | .931| 0.656 0.949
Bl | 3.63 | 0.886| 0.674 0.948 SN2 | 3.38 |.929 | 0.686 0.948
B2 | 3.26 |0.895| 0.413 0.951 SA1 | 358 |.970| 0.636 0.949
B3 | 345 |0.921| 0.714 0.948 SA2 | 370 |1.02| 0.711 0.947

The results in Table 3 display the factor loading of the constructs and internal validity of the
instrument used. A Cronbach's alpha (o) value greater than 0.70 is considered satisfactory.
Notably, the coefficient alpha values were approximately 0.947 or 0.951, indicating strong
internal consistency with a 0.004 interval.
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Fig.2 Factor loading, and Parameter estimates of the general structural model.

To construct the target model illustrated in Fig. 2, the authors employed the bootstrapping
method (two-tailed test) and conducted an analysis of t-statistics values (using a significance
level of p < 0.05 and t-statistics > 1.96). It can be gleaned on the findings in Figure 2, it was
very evident that 6 out of 18 inter-item relationships, or 33.33%, are statistically significant
and demonstrate strong effects. Moreover, SN — AT has the highest coefficient value of 0.788
followed by the factor PU — AT of 0.732 indicating their influence on generative Al tools
attitude of use (AT). Lastly, PE — AT the lowest among inter-item relationships with 0.533
coefficient value.

Table 4: Factor relationship with significant value and hypotheses results.

Factor Relationship Direct Effect p-value Result of hypothesis
AT — BI 0.708** 0.000 Supported
PU — BI 0.618** 0.000 Not Supported
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PE — BI 0.687** 0.000 Not Supported
SE — BI 0.644** 0.000 Not Supported
SN — BI 0.616** 0.000 Not Supported
SA — BI 0.738** 0.000 Supported
PU — AT 0.732** 0.000 Supported
PE — AT 0.533** 0.000 Not Supported
SE — AT 0.746** 0.000 Supported
SN — AT 0.788** 0.000 Supported
SA — AT 0.671** 0.000 Not Supported
PE — PU 0.599** 0.000 Not Supported
SE — PU 0.643** 0.000 Not Supported
SN — PU 0.651** 0.000 Not Supported
SA —» PU 0.633** 0.000 Not Supported
SE — PE 0.598** 0.000 Not Supported
SN — PE 0.548** 0.000 Not Supported
SA — PE 0.704** 0.000 Supported

* P-values less than 0.05 were italicized.

Table 4 summarizes the results of each item's comparison and explicit effects. The four
hypotheses were confirmed using the Spearman rho, which measured their coefficient of
influence on another item. Interestingly, the assumptions that were confirmed had a
considerable effect on other variables.

Regarding the effects of the variables on behavioral intention (BI) is concerned, 2 out of 6
hypotheses were confirmed to have strong correlations to behavior. This includes attitude (AT)
and system accessibility (SA) has the strong correlation with a coefficient value of 0.708 and
0.738.

In connection with students' attitudes (AT) toward their use of generative Al tools, three of the
five factor correlations were shown to have a positive correlation coefficient value. The impacts
of perceived usefulness (0.732), self-efficacy (0.746), and social norm (0.788) were significant,
whereas perceived ease of use (PE) and system accessibility (SA) were rather weak (0.076).
Considering the perceived usefulness (PU) of generative Al tools, it was discovered that none
of the observed variables for the hypothesis were supported. Despite the fact that each has a
significant value for the target variable, their correlation coefficients were not enough to prove
the claim.

Finally, in terms of perceived ease of use (PE), only system accessibility with a coefficient
value of 0.704 having a direct influence on the said variable. Whereas self-efficacy (0.598) and
social norm (0.548) depicts a weak correlation effect.
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5. CONCLUSION

The study concluded that three (3) of four (4) observations in the hypothesis of the TAM
instrument were clearly statistically significant neutrally supported in determining the
acceptability of the generative Al tools for academic requirements of the college students. This
suggests that computer tertiary students were generally amenable to the idea of introducing
generative Al techniques into their academic responsibilities. Given that the author made use
of the same approach to conducting acceptability research outlined in previous studies, the
results varied widely on the context of technology evaluated, the number of respondents, and
other characteristics established by the investigation.

In summary, the findings of this study were:

H1: Based on the analysis, the inclination to utilize is significantly impacted by social
influence, system accessibility, perceived usefulness, self-efficacy, and perceived ease of use.
However, it was found that only students' system accessibility (SA) and attitude (AT) have a
substantial effect on their inclination to use generative Al technologies.

H2: The study discovered that students' opinions about generative Al tools were mainly
influenced by their perceived usefulness, self-confidence, and social norms, but not by their
perceived ease of use or system accessibility.

H3: The perceived usefulness of generative Al tools among university students remains
unaffected by their perceptions of how easy the tools are to use, their self-confidence in using
them, societal expectations, or system accessibility.

H4: The hypotheses concerning how easily students perceive the system to use were completely
backed by two variables, and system accessibility has a direct impact on this factor.

The findings pointed out the importance of this study in educational approach for satisfying the
academic needs of computer science and information technology students. The findings will
be valuable for CS and IT faculty since they can track their students' academic progress and
influence them in deciding whether to embrace such systems and their purpose to use them for
efficiency. As a result, computing teachers should focus on engaging students academically by
encouraging critical thinking rather than relying solely on generated responses from generative
Al tools.
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